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ABSTRACT
Transcription factor binding to a gene regulatory region induces or represses its
expression. Binding and expression target analysis (BETA) integrates the binding and
gene expression data to predict this function. First, the regulatory potential of the
factor is modeled based on the distance of its binding sites from the transcription
start sites in a decay function. Then the differential expression statistics from an
experiment where this factor was perturbed represent the binding effect. The rank
product of the two values is employed to order in importance. This algorithm was
originally implemented in Python. We reimplemented the algorithm in R to take
advantage of existing data structures and other tools for downstream analyses. Here,
we attempted to replicate the findings in the original BETA paper. We applied the
new implementation to the same datasets using default and varying inputs and
cutoffs. We successfully replicated the original results. Moreover, we showed that the
method was appropriately influenced by varying the input and was robust to choices
of cutoffs in statistical testing.
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INTRODUCTION
The binding of a transcription factor to a regulatory region (e.g., gene promoter) perturbs
the expression of the gene (Latchman, 2001). ChIP experiments identify potential binding
sites. However, these experiments produce hundreds or thousands of peaks for most
factors (Johnson et al., 2007). Therefore, methods that determine which of these binding
sites is functional are needed (Ucar et al., 2009). Binding and expression target analysis
(BETA) combines binding sites from ChIP peaks and expression data from factor
perturbation experiments to predict direct target genes (Wang et al., 2013). First, the
regulatory potential of a factor on a given gene is calculated as the sum of the transformed
distance between each binding peak and the gene transcription start site. Then genes are
ranked based on the product of the regulatory potential and signed statistics from
differential gene expression of control vs factor perturbation (overexpression or
knockdown). To our knowledge, the original BETA implementation is in Python and has
not been replicated or implemented in other languages.
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We implemented the procedure described in the original article in an R package. This
package is distributed as a Bioconductor R package (target) (Ahmed, Min & Kim, 2020).
First, the regions of interest (e.g., transcripts/genes) are resized to the desired distance on
either side of the start site. Second, peaks are assigned to the regions they overlap with, and
their distance from the region is calculated and transformed as described earlier.
The transformed distance for each peak is the peak score, and the sum of scores for all
peaks in a region is its regulatory potential. Third, the region rank product is the product of
the ranks of the regulatory potential and the signed statistics from the expression data.

In this article, we attempted to replicate the results reported in the original BETA paper
(Wang et al., 2013) using our implementation in R (Ahmed, Min & Kim, 2020).
We contrasted the two packages using the default and varying parameters. First, we
compared the output of the two implementations to the original findings. Using the new
code, we reproduced the findings from three different datasets. Second, we repeated the
procedure by varying the inputs and examining the results. Finally, we examined the
robustness of the suggested statistical method to the required choices of cutoffs. Portions of
this text were previously published as part of a preprint (Ahmed & Kim, 2023).

METHODS
Testing datasets
We used three sets of data from the original BETA paper (Ahmed, Min & Kim, 2020) to
evaluate the performance and degree of replication of BETA using the new R
implementation (Table 1). The first dataset is from LNCaP, a human prostate cancer cell
line treated with dihydrotestosterone (DHT) for 16 h. The latter is an agonist of the
androgen receptor (AR), the transcription factor in question. Similarly, the second dataset
is from the MCF-7 human breast cancer cell line treated with the estrogen receptor 1
(ESR1) agonist E2. The last dataset is frommouse embryonic stem (ES) cells, where a DNA
demethylase encoding gene Tet1 was knocked down. Each dataset contains ChIP-seq and
microarray gene expression data. Processed data were obtained in the form of binding
peaks and differential expression comb comparing the treated/knockdown cells vs
controls.

Measures of agreement and similarity
We employed different measures of agreement/similarity between the new and the original
implementation. The predicted function of a transcription factor can be inducing or
repressive. One measure is the visual inspection of the empirical distribution function
(ECDF) graph of the regulatory potentials. In addition, the top-ranking genes from each
factor can be compared between the different implementations. More formally, we devised
a measure of results similarity referred to as concordance, which is the fraction of
intersecting genes in each set of N top-ranking genes from different runs. The higher the
concordance value, the more the order of the ranks is preserved.
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Replication strategy
To evaluate the performance of the R implementation of BETA, we applied the standard
analysis with the defaults to get the associated peaks and direct gene targets of the three
transcription factors. First, we compared the output to that of the original article (Ahmed,
Min & Kim, 2020). Second, we applied the analysis by varying the input, the reference
genome, the signed gene expression statistics, and the allowed distance between the peaks
and the transcription start sites. The output ranks from varying inputs were compared
with the gene ranks from the default inputs. Finally, we applied different cutoffs on the
ranks during the statistical testing of the predicted functions.

Software environment and reproducibility
The software environment where this replication was produced is available as a Docker
image (https://hub.docker.com/r/bcmslab/rebeta). The R implementation of BETA is
available as an open-source R package (https://bioconductor.org/packages/target/) (DOI
10.18129/B9.bioc.target). The code to obtain the test data, apply the replication strategy,
and reproduce the figures and tables in this manuscript is also available under an
open-source license (https://github.com/MahShaaban/rebeta) (DOI 10.5281/zenodo.
8337450).

RESULTS AND DISCUSSION
Transcription factors appropriately group as inducers and repressors
One of the main goals of BETA is to determine whether a transcription factor is an
inducer/activator or repression/deactivator of its targets. To achieve that, BETA integrates
binding and expression data. The function of the factor is determined by the distance of its
binding sites to a transcription start site and the effect of its perturbation on the target
gene. All possible targets are ranked based on the score they are assigned using those two
pieces of information. Activators should have more up-regulated targets ranking higher
than down- or non-regulated targets. Therefore, to replicate, the new implementation in R
is expected to classify transcription factors in the appropriate category using the same
datasets as the original BETA publication (Wang et al., 2013).

Using the new implementation, we could replicate the predicted function of three
transcription factors in three cell lines. ECDF graphs show the fraction of targets at less
than or equal to a certain regulatory potential. Androgen receptor (AR) was found to
induce more of higher ranking genes in the prostate cancer cell line LNCaP (Fig. 1A).
By contrast, the estrogen receptor 1 (ESR1) and the methylcytosine dioxygenase 1 (TET1)

Table 1 Datasets of transcription factor binding and gene expression under factor perturbations.

Factor Cell line Genome Treatment Binding data Expression data

AR LNCaP hg19 DHT Wang et al. (2007) Wang et al. (2007)

ESR1 MCF-7 hg19 E2 Hu et al. (2010) Carroll et al. (2006)

Tet1 ES cells mm9 Knockdown Williams et al. (2011) Williams et al. (2011)
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assumed repressive functions on their targets in the breast cancer cell line MCF-7 and
mouse embryonic stem (ES) cells (Fig. 1). Moreover, the top-ranking peaks of the three
factors matched the predicted targets in the original BETA paper (Table 2). For example,
both implementations rank the KLF2 transcripts (NR_045762, NM_001002231 & NM_
001256080) at the very top.

Gene targets ranks are influenced by varying the inputs
Another important condition for replicating the original method is to be able to reproduce
the expected results by varying the inputs. The default inputs used in the case of the testing
datasets are the reference genomes hg19/mm9, a distance of 100 kb to locate the peaks, and
the t-statistics as the effect of the factor perturbation on the gene expression. We expect the

Figure 1 Predicted inducing and repressive function of the transcription factors. Distances between binding peaks of the transcription factors
(A) AR (original article; Fig. 2A), (B) ESR1 (original article; Fig. 3B), and (C) TET1 (original article; Fig. 3B) were used to calculate the regulatory
potential of their target genes in LNCaP, MCF-7 and mouse ES, respectively. The empirical distribution function (ECDF) of the regulatory potential
ranks is shown by groups. Targets were divided into groups; down- (blue) or Up- (red) and otherwise None-regulated (gray) by the 10 and 90
percentiles of the t-statistics from the differential expression of treated/knockdown vs controls. Full-size DOI: 10.7717/peerj-16318/fig-1

Table 2 Transcription factor top ranking gene targets.

Factor Chr Start End Refseq Symbol Rank

AR chr19 51,276,688 51,476,687 NR_045762 KLK2 7.69e−07

chr19 51,276,688 51,476,687 NM_001002231 KLK2 1.54e−06

chr19 51,276,688 51,476,687 NM_001256080 KLK2 1.54e−06

ESR1 chr2 11,574,241 11,774,240 NM_014668 GREB1 3.06e−08

chr6 122,831,376 123,031,375 NM_032471 PKIB 3.67e−07

chr6 122,831,376 123,031,375 NM_181795 PKIB 3.67e−07

Tet1 chr2 17870077 18,070,076 NM_028317 Skida1 7.61e−07

chr11 2,924,029 3,124,028 NR_003518 Pisd-ps3 2.22e−06

chr11 2,924,023 3,124,022 NR_003517 Pisd-ps1 5.59e−06
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various inputs to influence the target ranking. We measured the concordance of the results
from a run using the input and another by varying a single input.

As expected, changing the reference genome to hg18 or mm10 in the case of the human
and mouse cell lines had the largest influence on the results. The discordance of the results
from the two results is more pronounced in the small-sized sets and tended to decrease as
more of the genes were included in the test set (Fig. 2). This effect may be explained by the
total number of genes in each reference genome, including some genes in one genome but
not the other, or using different coordinates in different genomes.

Since the fold-change and the t-statistics from the expression data are related, we
expected varying the input to have little to no effect on the gene ranks. This was largely the
case since the degree of concordance remained above 80% between the two runs (Fig. 2).
Using only half (50 kb), the default distance to include binding peaks had a bigger effect
(about 30%) on the concordance between the runs. We expected the higher-ranking genes
to retain their higher ranks since the rank is relatively distance-dependant. This was the
case for the transcription factors AR and ESR1 in the human cell lines (Figs. 2A and 2B).
However, this pattern was not true for the TET1 targets in the mouse ES. This could be due
to the nature of the factor binding or the different genome sizes.

Testing results are robust to cutoff choices
The original BETA paper (Ahmed, Min & Kim, 2020) suggested using the
Kolmogorov-Smirnov (KS) test to determine whether the regulated groups of gene targets
differ from each other or the none regulated targets. KS tests whether the groups’
cumulative distribution functions in the regulatory potential are drawn from different
distributions (Subramanian et al., 2005). The choice of the groups of targets, therefore, is
critical. We used different quantile cutoffs to group the targets of the three factors and
applied the KS test to the ranks. Ultimately, varying the grouping didn’t affect test results.

Figure 2 Concordance of the gene ranks between default and varying outputs. Direct targets of the transcription factors (A) AR, (B) ESR1, and
(C) TET1 in LNCaP, MCF-7, and mouse ES, respectively, were identified and ranked using BETA with the defaults and varying the inputs.
The fraction of intersecting genes in each set of N top-ranking genes from different runs (Concordance) is shown for 1 to 10,000 top targets.
The default inputs are hg19/mm9 reference genome for human and mouse cells, respectively; t-statistics from the differential expression of treated/
knockdown vs control and an allowed distance of 100 kb. Inputs were changed one at a time. Full-size DOI: 10.7717/peerj-16318/fig-2
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The calculated statistics were close no matter which cutoff was used, and the change was
also proportional for the up and down-regulated groups (Table 3).

Differences in the R implementation and analysis decisions
Differences between the replication and the original article (Ahmed, Min & Kim, 2020)
could be attributed to two sources: the specifics of the R implementation and some analysis
decisions. The following explains the apparent differences and how they would affect the
replication of the algorithm.

� In the original BETA paper, the curves of the ECDF of the different groups of regulated
genes do not reach up to 1. This explains the differences between Fig. 1 (this article) and
Figs. 2A, 3A, 3B (Wang et al., 2013). The aggregate functions of the three transcription
factors were predicted the same despite using different presentations of the results.

� In the R implementation, genes/transcripts are resized to a distance of 200 kb around the
TSS (regions of interest). The resized regions are the ones kept in the subsequent
analysis steps and the final output. This is why Table 2 may seem different from the text
of the original article. This approach is more transparent since it exposes the true
genomic coordinates on which the calculations are based.

� To rank the targets, the product of ranks of the regulatory potential and the signed
statistics are divided by the total number of genes. That is why there are fractions in the
final ranks in both the original article (Wang et al., 2013) and the current manuscript
(Table 2). Different values were given to tied features, unlike in the original
implementation. The absolute values of the ranks between the two implementations may
differ, but the order is preserved.

� Many of the tools to analyze high-throughput biological data are written in R. Many of
these packages use the Bioconductor infrastructure to develop and distribute their

Table 3 Statistical testing of induced and repressed targets with varying the grouping cutoff.

Factor Quantiles Down Up

Stat p-value Stat p-value

AR (0.1–0.9) 0.03 4e−01 0.21 0e+00

(0.2–0.8) 0.03 1e−01 0.13 0e+00

(0.3–0.7) 0.03 3e−02 0.09 3e−15

(0.4–0.6) 0.04 1e−02 0.07 7e−08

ESR1 (0.1–0.9) 0.11 6e−13 0.08 4e−07

(0.2–0.8) 0.07 9e−10 0.04 2e−03

(0.3–0.7) 0.06 2e−06 0.05 1e−04

(0.4–0.6) 0.08 1e−10 0.03 2e−01

Tet1 (0.1–0.9) 0.15 0e+00 0.04 1e−02

(0.2–0.8) 0.15 0e+00 0.03 6e−03

(0.3–0.7) 0.12 0e+00 0.02 2e−01

(0.4–0.6) 0.11 0e+00 0.03 2e−02
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software. An R implementation of this algorithm enables access to the unified interface
of several analyses.

CONCLUSIONS
Together, these findings indicate that the results reported in the original BETA paper
(Wang et al., 2013) were replicated using a new independent implementation of the
method in R. First, the ranking of the top targets individually and the aggregate predicted
function of three factors were appropriately classified. Second, varying the input largely
had the expected influence on the results. Finally, the proposed statistical testing method
was robust to the choices in grouping the targets.
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The R implementation of BETA is available as an open-source R package (https://
bioconductor.org/packages/target/) (DOI 10.18129/B9.bioc.target).

The code to obtain the test data, apply the replication strategy, and reproduce the figures
and tables are available at GitHub and Zenodo:

- https://github.com/MahShaaban/rebeta.
- Mahmoud Ahmed. (2023). MahShaaban/rebeta: v1 (Version v1). Zenodo. https://doi.

org/10.5281/zenodo.8337450.

REFERENCES
Ahmed M, Kim DR. 2023. Re-implementation of an algorithm to integrate transcriptome and

ChIP-seq data. BioRxiv DOI 10.1101/2022.11.23.517753.

Ahmed M, Min DS, Kim DR. 2020. Integrating binding and expression data to predict
transcription factors combined function. BMC Genomics 21(1):610
DOI 10.1186/s12864-020-06977-1.

Carroll JS, Meyer CA, Song J, Li W, Geistlinger TR, Eeckhoute J, Brodsky AS, Keeton EK,
Fertuck KC, Hall GF, Wang Q, Bekiranov S, Sementchenko V, Fox EA, Silver PA,
Gingeras TR, Liu XS, Brown M. 2006. Genome-wide analysis of estrogen receptor binding
sites. Nature Genetics 38(11):1289–1297 DOI 10.1038/ng1901.

Hu M, Yu J, Taylor JM, Chinnaiyan AM, Qin ZS. 2010. On the detection and refinement of
transcription factor binding sites using ChIP-Seq data. Nucleic Acids Research 38(7):2154–2167
DOI 10.1093/nar/gkp1180.

Johnson DS, Mortazavi A, Myers RM, Wold B. 2007. Genome-wide mapping of in vivo
protein-DNA interaction. Science 316(5830):1497–1502 DOI 10.1126/science.1141319.

Latchman DS. 2001. Transcription factors: bound to activate or repress. Trends in Biochemical
Sciences 26(4):211–213 DOI 10.1016/S0968-0004(01)01812-6.

Subramanian A, Tamayo P, Mootha VK, Mukherjee S, Ebert BL, Gillette MA, Paulovich A,
Pomeroy SL, Golub TR, Lander ES, Mesirov JP. 2005. Gene set enrichment analysis: a
knowledge-based approach for interpreting genome-wide expression profiles. Proceedings of the
National Academy of Sciences of the United States of America 102(43):15545–15550
DOI 10.1073/pnas.0506580102.

Ucar D, Beyer A, Parthasarathy S, Workman CT. 2009. Predicting functionality of protein-DNA
interactions by integrating diverse evidence. Bioinformatics 25(12):137–144
DOI 10.1093/bioinformatics/btp213.

Wang Q, Li W, Liu XS, Carroll JS, Jänne OA, Keeton EK, Chinnaiyan AM, Pienta KJ, Brown M.
2007. A hierarchical network of transcription factors governs androgen receptor-dependent
prostate cancer growth. Molecular Cell 27(3):380–392 DOI 10.1016/j.molcel.2007.05.041.

Wang S, Sun H, Ma J, Zang C, Wang C, Wang J, Tang Q, Meyer CA, Zhang Y, Liu XS. 2013.
Target analysis by integration of transcriptome and ChIP-seq data with BETA. Nature Protocols
8(12):2502–2515 DOI 10.1038/nprot.2013.150.

Williams K, Christensen J, Pedersen MT, Johansen JV, Cloos PA, Rappsilber J, Helin K. 2011.
TET1 and hydroxymethylcytosine in transcription and DNA methylation fidelity. Nature
473(7347):343–348 DOI 10.1038/nature10066.

Ahmed and Kim (2023), PeerJ, DOI 10.7717/peerj.16318 8/8

https://bioconductor.org/packages/target/
https://bioconductor.org/packages/target/
http://dx.doi.org/10.18129/B9.bioc.target
https://github.com/MahShaaban/rebeta
https://doi.org/10.5281/zenodo.8337450
https://doi.org/10.5281/zenodo.8337450
http://dx.doi.org/10.1101/2022.11.23.517753
http://dx.doi.org/10.1186/s12864-020-06977-1
http://dx.doi.org/10.1038/ng1901
http://dx.doi.org/10.1093/nar/gkp1180
http://dx.doi.org/10.1126/science.1141319
http://dx.doi.org/10.1016/S0968-0004(01)01812-6
http://dx.doi.org/10.1073/pnas.0506580102
http://dx.doi.org/10.1093/bioinformatics/btp213
http://dx.doi.org/10.1016/j.molcel.2007.05.041
http://dx.doi.org/10.1038/nprot.2013.150
http://dx.doi.org/10.1038/nature10066
http://dx.doi.org/10.7717/peerj.16318
https://peerj.com/

	Validating a re-implementation of an algorithm to integrate transcriptome and ChIP-seq data
	Introduction
	Methods
	Results and Discussion
	Conclusions
	flink5
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile (None)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


